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DROZY is a database containing various types of drowsiness-related data (signals, face images, etc.) and intended to help researchers to carry out 
experiments, and to develop and evaluate systems (i.e. algorithms), in the area of drowsiness monitoring.  
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•  14 young, healthy participants (3 M, 11 F) 
•  PVT = Psychomotor Vigilance Test [1] (duration of 10 minutes) 
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(EEG) = brain waves
Electrooculogram
(EOG) = eye movements
Electromyogram
(EMG) = muscle tension
Electrocardiogram
(ECG) = heart activity
Annotations www.drozy.ulg.ac.be
Karolinska Sleepiness Scale [2] 
KSS
1 = Extremely alert








Reaction times [1] 
RT
68 face landmarks (2D & 3D) 
Polysomnography signals [2,3] 
Near-infrared intensity images 
Time [ms] ×105














True reaction time [s]




















5a) Regression: we use 
epsilon-SVR models (with 
an RBF kernel) to predict the 
post-stimulus 1-min mean 
reaction time (RT) from pre-
stimulus ocular parameters. 
We obtain an RMSE of 
105.84 ms and a Pearson’s 
correlation of 0.67 using 
leave-one-subject-out cross-
validation. 
Two examples of use 
5b) Classification: we use SVM 
classifiers (with an RBF kernel) to predict 
the post-stimulus lapses (i.e. RT>500 ms) 
from pre-stimulus ocular parameters. We 
obtain a specificity of 86%, a sensitivity 
of 78%, and an accuracy of 85% using 
leave-one-subject-out cross-validation. Time [ms] ×105












4) Compute ocular parameters: 
•  values of a 10-bin histogram 
•  mean duration of blinks 
•  number of microsleeps 
•  etc. 
1) Get the (global) eyelids distance 
from the 8 eyelids landmarks. 
2) Compute the baseline, i.e. the maximum opening of 
the eye, with an adaptive exponential smoothing. 
3) Normalize and segment the blinks. 
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